
The Impact of Racial and Ethnic
Health Disparities in Diabetes
Management on Clinical
Outcomes: A Reinforcement
Learning Analysis of Health
Inequity Among Youth and
Young Adults in the SEARCH for
Diabetes in Youth Study
Diabetes Care 2022;45:108–118 | https://doi.org/10.2337/dc21-0496

Anna R. Kahkoska,1,

Teeranan Pokaprakarn,2

G. Rumay Alexander,3 Tessa L. Crume,4

Dana Dabelea,4,5 Jasmin Divers,6

Lawrence M. Dolan,7 Elizabeth T. Jensen,8

Jean M. Lawrence,9 Santica Marcovina,10

Amy K. Mottl,11 Catherine Pihoker,12

Sharon H. Saydah,13

Michael R. Kosorok,2,14 and

Elizabeth J. Mayer-Davis1,11

OBJECTIVE

To estimate difference in population-level glycemic control and the emergence of
diabetes complications given a theoretical scenario in which non-White youth and
young adults (YYA) with type 1 diabetes (T1D) receive and follow an equivalent dis-
tribution of diabetes treatment regimens as non-Hispanic White YYA.

RESEARCH DESIGN AND METHODS

Longitudinal data from YYA diagnosed 2002–2005 in the SEARCH for Diabetes in
Youth Study were analyzed. Based on self-reported race/ethnicity, YYA were clas-
sified as non-White race or Hispanic ethnicity (non-White subgroup) versus non-
Hispanic White race (White subgroup). In the White versus non-White subgroups,
the propensity score models estimated treatment regimens, including patterns of
insulin modality, self-monitored glucose frequency, and continuous glucose mon-
itoring use. An analysis based on policy evaluation techniques in reinforcement
learning estimated the effect of each treatment regimen on mean hemoglobin
A1c (HbA1c) and the prevalence of diabetes complications for non-White YYA.

RESULTS

The study included 978 YYA. The sample was 47.5% female and 77.5% non-Hispanic
White, with a mean age of 12.8 ± 2.4 years at diagnosis. The estimated population
mean of longitudinal average HbA1c over visits was 9.2% and 8.2% for the non-White
and White subgroup, respectively (difference of 0.9%). Within the non-White sub-
group, mean HbA1c across visits was estimated to decrease by 0.33% (95% CI20.45,
20.21) if these YYA received the distribution of diabetes treatment regimens of the
White subgroup, explaining ~35% of the estimated difference between the two sub-
groups. The non-White subgroup was also estimated to have a lower risk of develop-
ing diabetic retinopathy, diabetic kidney disease, and peripheral neuropathy with the
White youth treatment regimen distribution (P < 0.05), although the low proportion
of YYA who developed complications limited statistical power for risk estimations.
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CONCLUSIONS

Mathematically modeling an equalized distribution of T1D self-management tools and technology accounted for part of but
not all disparities in glycemic control between non-White and White YYA, underscoring the complexity of race and ethnic-
ity-based health inequity.

It is well-established that mean hemo-
globin A1c (HbA1c) levels differ by racial
and ethnic subgroups (1), in which non-
Hispanic Black, American Indian, His-
panic, and Asian/Pacific Islander youth
and young adults (YYA) with type 1 dia-
betes (T1D) are more likely to have
higher HbA1c levels compared with non-
Hispanic White YYA, as well as a higher
prevalence of early complications (2). It is
also known that race- and ethnicity-
based health inequity in T1D can and
does manifest as disparities in diabetes
management or self-management behav-
iors (3). Although the American Diabetes
Association endorses the use of basal-
bolus regimens, insulin pumps, and fre-
quent glucose monitoring (4), the litera-
ture documents that non-White YYA do
not typically receive the same treatment
regimens as their White counterparts
(5–8). Given trial and observational data
documenting associations between dia-
betes treatment and HbA1c (9–12), it
may be reasonable to hypothesize that
health disparities in diabetes treatment
regimens contribute to disparate clinical
outcomes across racial/ethnic subgroups.
Yet, relevant to health disparities

research, a key component of Critical
Race Theory calls on researchers to criti-
cally approach assumptions in knowl-
edge generation and interpretation,
particularly implicit or explicit tendencies
toward reductionist thinking as it relates
to studies of race, racism, and health
outcomes (13). From a population per-
spective, it is not known the extent to
which the observed differences in diabe-
tes treatment regimens or technology
use across subpopulations directly con-
tribute to the racial disparities in out-
comes among YYA with T1D. Further,
there exists a broad range of additional
factors, including multiple social determi-
nants of health, that can contribute to
poorer outcomes among non-White indi-
viduals with diabetes outside of diabetes
regimen, such as differential access to
care or diabetes education (14), lower
diabetes care utilization (15) and quality
of care (16,17), food insecurity (18),

and poorer psychosocial outcomes or
increased diabetes distress (19), among
others. Of note, the social determinants
of health, and especially their race- and
ethnicity-based differences, have recently
been emphasized as an integral aspect of
diabetes care from both an individual
and population health perspective (3).

Clarification of relationships among
race/ethnicity, diabetes regimens, and
clinical outcomes among YYA with T1D in
the United States may provide forward
movement from identification of patterns
of race-related differences and racism,
operating at interpersonal, institutional,
or internalized levels toward interven-
tions to address unmet needs. These
data may also point to new directions to
better understand the modifiable drivers
of health inequity, especially as they
relate to clinical care. Recent advances in
statistical methods for precision medicine
and off-policy policy evaluation methods
in reinforcement learning allow for obser-
vational data to be leveraged to estimate
outcomes across populations given the
hypothetical receipt of different treat-
ment regimens (20). Applying these novel
statistical approaches, our aim was to
estimate difference in population-level
glycemic control and the emergence of
diabetes complications, given a theoreti-
cal scenario in which non-White YYA with
T1D receive and follow an equivalent dis-
tribution of diabetes treatment regimens
as non-Hispanic White YYA. In this study,
the combination of race and ethnicity
was not considered as a biological con-
struct, but instead as a proxy to identify
subgroups of YYA in the United States
who are more likely to experience com-
plex social, economic, and political mar-
ginalization across the life course (21,47).

RESEARCH DESIGN AND METHODS

Study Sample
The SEARCH for Diabetes in Youth
Study uses a population-based registry
network at five sites in the United
States to identify individuals diagnosed
with diabetes (other than gestational
diabetes) <20 years of age (22). The

clinical sites include the state of South
Carolina; Cincinnati, OH, and surround-
ing counties; the state of Colorado
with southwestern U.S. American Indian
sites; Seattle, WA, and surrounding
counties; and Kaiser Permanente South-
ern California membership in seven
counties, resulting in a catchment popu-
lation of >5.5 million youth aged <20
years (23). Annual incidence of youth-
onset diabetes in this population was
continuously ascertained beginning in
2002 (24). Individuals diagnosed with
T1D or type 2 diabetes in 2002–2006
and 2008 were invited to participate in
an observational cohort research study
on the natural history of youth-onset
diabetes by completing baseline visits
shortly after diagnosis (mean 9.6 [SD
6.4] months postdiagnosis). In 2011–
2015 and 2015–2019, two follow-up
cohort visits were conducted among
those with $5 years’ diabetes duration
for assessment of health care quality,
diabetes-related early complications,
quality of life, and related characteris-
tics (Supplementary Fig. 1A). The study
was approved by the institutional
review boards with jurisdiction in
each study location. All participants
provided consent or assent as age
appropriate, and parents also provided
consent for those aged <18 years.
The distribution of demographic, met-
abolic, and socioeconomic characteris-
tics of participants who completed the
first follow-up visit was similar to that
of the larger SEARCH registry popula-
tion (25).

By design, approximately half of the
participants with T1D who were non-
Hispanic White were invited to com-
plete in-person research visits (target
n = �700), while the rest were invited
to complete web-based questionnaires
without the in-person visit. Thus, par-
ticipant characteristics for the second
cohort visit (SEARCH 4) intentionally
differed from that of the larger
SEARCH registry population in terms
of enriched representation of partici-
pants with T1D who were non-White
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race or Hispanic ethnicity and partici-
pants with type 2 diabetes (all races/
ethnicities) (Supplementary Fig. 1B).
The SEARCH cohort has been described
elsewhere in detail (26).

Research Visits
Trained research staff conducted the in-
person baseline, follow-up, and cohort
research visits. Participants (and/or
parents, for younger participants) self-
reported date of birth, sex, race, ethnic-
ity, highest parental education, annual
household income, and type of health
insurance, including no insurance. For
reporting of race and ethnicity, U.S.
census methods (27) were used, which
provided a series of fixed race and eth-
nicity categories as well as an “other”
option for the self-report by parent or
participant, depending on age. These
were further categorized into “non-
Hispanic White” and “non-White” racial/
ethnic groups, including Hispanic (regard-
less of race), non-Hispanic Black, Ameri-
can Indian, Asian/Pacific Islander, and
other/multiple races and ethnicities.

Diabetes type was based on provider
documentation of diabetes type in the
medical record. Date of diagnosis had
been obtained previously from medical
records during case ascertainment and
was used to calculate age at diagnosis
and diabetes duration at each research
visit. Participants reported insulin deliv-
ery modality, classified as the use of an
insulin pump, multiple daily injections
(MDI) with long-acting insulin (i.e., glar-
gine), or MDI with any combination of
MDI but excluding long-acting insulin.
Self-reported frequency of self-monitor-
ing of glucose (SMG) was categorized as
less than one time per day, one to two
times per day, three times per day, and
four or more times per day. Continuous
glucose monitoring (CGM) use was
defined as the home use of CGM within
the past 12 months and was included
as an additional level of the SMBG vari-
able at the cohort visits only, which
occurred later in time when CGM
became available as a tool for diabetes
self-management. Physical activity and
screen time were assessed using ques-
tionnaires. High physical activity was
characterized by the presence of self-
reported vigorous activity 3–7 days
weekly. High screen time was character-
ized by $2 hours of screen time per

day. Smoking status was self-reported
and classified as current/former smok-
ers versus never smokers.

Laboratory Measures
A blood draw occurred after an 8-h
overnight fast, and medications, includ-
ing short-acting insulin, were withheld
the morning of the visit. Blood samples
were obtained and analyzed for HbA1c,
glucose, lipids, creatinine, and cystatin C
at the central laboratory (Northwest
Lipid Metabolism and Diabetes Research
Laboratories, Seattle, WA).

Early Diabetes Complications
Early diabetes-specific complications were
measured at the cohort visits. Defini-
tions of outcomes complications were
consistent with previous SEARCH stud-
ies (25,28,29). Diabetic retinopathy was
assessed with 45� color digital fundus
images taken with a nonmydriatic cam-
era (Visucam Pro NM; Carl Zeiss Medi-
tec) and centered on the disc and
macula of both eyes. Photos masked to
all clinical characteristics were graded
by the Wisconsin Ocular Epidemiology
Reading Center. Diabetic retinopathy
was defined as mild, moderate, or pro-
liferative retinopathy in at least one eye
(30). Diabetic kidney disease (DKD) was
defined as the presence of microalbumi-
nuria (urinary albumin-to-creatinine ratio
$30 mg/mg of creatinine) or low glo-
merular filtration rate (<60 mL/min/
1.73 m2 as estimated by the Chronic
Kidney Disease Epidemiology Collabora-
tion equation using serum creatinine
and cystatin C) (31). Peripheral neurop-
athy was defined as a score >2 on
the Michigan Neuropathy Screening
Instrument (32). Cardiovascular auto-
nomic neuropathy was assessed by heart
rate variability using the SphygmoCor-Vx
device (ATCOR Medical). Electrocardio-
graphic R-R intervals measured in a
supine position were used to estimate
five heart rate variability indices: the SD
of the intervals, root mean square differ-
ences of successive intervals, normalized
high-frequency power, normalized low-
frequency power, and the low-to-high
frequency ratio. Cardiovascular auto-
nomic neuropathy was defined as abnor-
malities in three or more of the five
indices, based on #5th or $95th per-
centile (as appropriate) observed in age-

and sex-matched control participants of
the SEARCH CVD study (33).

Statistical Analysis
Inclusion criteria for the present analysis
consisted of cases of T1D that were inci-
dent between 2002–2005. Youth who
attended the SEARCH cohort visit in
person as well as those who com-
pleted forms only without the visit
were included. Youth who did not
report their race/ethnicity or provided
a response that could not be catego-
rized were excluded. YYA were classi-
fied as non-White race or Hispanic
ethnicity (non-White subgroup) versus
non-Hispanic White race (White sub-
group). The goal of the analysis was to
use observational data to estimate the
effect of the two different estimated
T1D treatment regimens, referred to
as treatment “regimes” in precision
medicine literature (34), on the clinical
outcomes over time. One regimen was
modeled to represent that experi-
enced by the non-White subgroup,
and the other was modeled to repre-
sent that experienced by the White
subgroup. There were two sequential
steps for the statistical analysis, described
below and in detail in the Supplementary
Material: 1) estimate the distribution of
the diabetes treatment regimens used
by non-White and non-Hispanic White
subgroups; and 2) estimate clinical out-
comes for the non-White YYA in SEARCH
assuming they received the treatment
regimen distribution of the White sub-
group. The diabetes treatment regimen
was represented by three variables: insu-
lin delivery modality, frequency of SMG
(before cohort visits), and frequency of
SMG including CGM usage (at the cohort
visits).

Propensity Score Modeling to Estimate the

Diabetes Treatment Regimen Distributions

The treatment regimen, or distribution
of treatments, among the White sub-
group was represented by pWhite, while
the treatment regimen observed among
the non-White subgroup was repre-
sented by pnon-White. Data from the six
possible SEARCH study visits were used
to model a propensity score to estimate
the treatment regimen distributions in
both subgroups: pWhite and pnon-White

controlling for age, sex, SEARCH study
site, SEARCH visit, and T1D duration.
Measures of socioeconomic status were

110 Race-Based Disparities in Management of T1D Diabetes Care Volume 45, January 2022

D
ow

nloaded from
 http://ada.silverchair.com

/care/article-pdf/45/1/108/636348/dc210496.pdf by guest on 19 M
ay 2023

https://doi.org/10.2337/figshare.16722094
https://doi.org/10.2337/figshare.16722094
https://doi.org/10.2337/figshare.16722094


left out of propensity score modeling to
avoid overadjustment or deconstruction
of a lived experience by removing the
contribution of race versus socioeco-
nomic disadvantage or deprivation on
the receipt of diabetes treatment regi-
men. The models were fit separately
for racial/ethnic subgroups (i.e., the
pnon-White was fit on the non-White sub-
population and the pWhite was fit on
the White subpopulation). Multinomial
logistic regression was used to fit the
probability of treatment options given a
linear combination of the aforemen-
tioned covariates, in which the outcome
was the treatment regimen (insulin
modality and glucose monitoring modal-
ity), including each possible participant
response described above. Separate pro-
pensity score models were fit for insulin
delivery modality, frequency of SMG
(before cohort visits), and SMG with
CGM use (cohort visits). Two separate
models for frequency of glucose moni-
toring were fit for the visits (before the
cohort visits vs. cohort visits) to incorpo-
rate the availability of CGM that became
available over the duration of the study.

Estimation of the Effect of the Diabetes

Treatment Regimens on Clinical Outcomes

The second step of analysis was to
estimate the effect of each diabetes
treatment regimen (i.e., pnon-White and
pWhite, defined above) on the outcomes
of non-White YYA over the duration of
the SEARCH study. A modified version of
reinforcement learning, regression-based
Q-learning (34–36) (details given in
Supplementary Material), was used to
estimate HbA1c outcomes across the
SEARCH visits and the risk of early diabe-
tes complications under the setting in
which the non-White YYA receive the
treatment regimen estimated in White
subgroup. With this analytic design, dif-
ferences in outcomes can be attributed
to differences in the treatment regimen
(i.e., White vs. non-White).
A series of regression models was

constructed to estimate outcomes.
Because regressions were based on
data from two consecutive SEARCH
study visits, participants were excluded
in each regression, but not the overall
analysis, if they had any missing data in
the two visits for each regression. Using
sequential data from the SEARCH study
visits, we estimated mean HbA1c aver-
aged across visits under two different

treatment regimens: pnon-White and
pWhite. Secondary outcomes included
early diabetes complications, including
diabetic retinopathy, DKD, peripheral
neuropathy, and cardiovascular auto-
nomic neuropathy. We estimated the
SEARCH study population-level mean risk
of having these complications in the non-
White subgroup under pnon-White and
pWhite as well as the differences due
to the receipt of different treatment
regimens.

Because there were missing values of
HbA1c over the longitudinal study (i.e.,
not all individuals attended all visits),
missing values were imputed using a
multilevel multiple imputation technique
(2 L.pan from the ‘mice’ R package
[37,38]) and used to estimate longitudi-
nal population means in both subgroups
and their difference (as reported in
Table 2, and see the Supplementary
Material for more details).

To aid in interpretation of the magni-
tude of the estimated diabetes treat-
ment regimen differences in the context
of larger patterns of health inequity, the
model-based differences were compared
with the differences in clinical outcomes
between the non-White and White sub-
group in the data set and reported as a
percentage of the observed difference.
Note that given the nature of this com-
parison, it is possible that the risk differ-
ence due to the treatment regimen
change from the non-White treatment
regimen to the White treatment regi-
men, calculated within the non-White
subgroup, may exceed the risk difference
between the two subgroups with their
respective treatment regimens.

All models were adjusted for: age at
diagnosis, sex, SEARCH site, T1D duration,
maximum parental education, health
insurance type, smoking status, physical
activity, and screen time. An indicator
variable for non-Hispanic Black (vs. other
non-White races/ethnicities) was added
to account for differences between
racial/ethnic subgroups that were aggre-
gated in the non-White subgroup. As
socioeconomic position (SEP) may con-
found association between treatment
regimen and HbA1c or the development
of complications, education and health
insurance type were included to quan-
tify for differences in outcomes due to
change in treatment regimen only.
Each outcome model included YYA
who had outcome measures and the

aforementioned covariates available.
Methods are described in greater
detail in the Supplementary Material.
Estimates produced with these meth-
ods are causally valid if the following
assumptions are met: 1) consistency; 2)
the stable unit treatment values assump-
tion; 3) sequential ignorability (i.e., no
unmeasured confounders); and 4) positiv-
ity (see Refs. 34,35 for details). In the
current study, we believe that these
assumptions are standard and reasonable
based on the available variables and con-
ceptual models. Sensitivity analyses exam-
ined models stratified by sex for evidence
of modification.

RESULTS

Baseline participant characteristics are
shown in Table 1. Of the 978 YYA with
T1D with nonmissing baseline covariates
used in the analysis and HbA1c, 47.3%
were female and 77.5% were non-His-
panic White, with a mean age of 12.8 ±
2.4 years at diagnosis. Compared with
YYA in the White subgroup, YYA in in
the non-White subgroup had a mark-
edly lower prevalence of insulin pump
use (1.8% vs. 11.5%; P < 0.0001), and a
lower proportion reported testing glu-
cose four or more times per day (76.8%
vs. 84.6%; P = 0.007). Using multiple
imputation to handle missing longitudi-
nal values of HbA1c, the estimated
population mean of the longitudinal
average HbA1c over visits was 9.2% and
8.2% for the non-White and White sub-
group, respectively (difference of 0.9%;
P < 0.0001) (Table 2).

Multivariate Propensity Score
Modeling to Estimate the Diabetes
Treatment Regimens: pnon-White and
pWhite

Propensity score modeling showed that
YYA in the non-White subgroup received
a different distribution of insulin regi-
mens and had a different frequency of
monitoring glucose levels, shown for
insulin pump and SMG four or more
times per day in Fig. 1 as illustrative
examples. Shown in Fig. 2, individual
propensity score ratios were consistent
with trends in the population-level
model, as each individual in the non-
White population was estimated to be
more likely to use an insulin pump or
SMG four or more times per day under
pWhite than under pnon-White.
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Estimation of the Effect of the Diabetes
Treatment Regimens pnon-White and
pWhite on Clinical Outcomes
The total number of non-White SEARCH
participants included in each modeling
step is shown in Supplementary Table 1.
Among YYA in the non-White subgroup,
the estimated population mean of HbA1c
averaged across all SEARCH study visits
decreased from 9.1 ± 0.1% under
pnon-White to 8.7 ± 0.1% under pWhite dia-
betes treatment regimens. The estimated
difference in mean HbA1c among the
non-White YYA with simulated receipt of
the two racial/ethnic subgroup-specific
treatment regimens was 0.33% (95% CI
0.21, 0.45; P < 0.001) (Table 2). Effects
were not different by sex.

Among the YYA in the non-White
subgroup, the risk of developing
complications, including diabetic reti-
nopathy, DKD, and peripheral neuropa-
thy, at either cohort visit was
estimated to be lower under pWhite

compared with pnon-White diabetes
treatment regimens (Table 2). The

mean risk differences among non-
White YYA for these outcomes were
estimated to be 6.0% (95% CI 2.1, 9.9;
P = 0.002) for diabetic retinopathy,
9.1% (95% CI 5.0, 13.2; P < 0.001) for
DKD, and 5.9% (95% CI 2.4, 9.5; P 5
0.001) for peripheral neuropathy.
There was not a statistically significant
reduction in the risk of developing
cardiovascular autonomic neuropathy
(P = 0.72) at the SEARCH cohort visits
associated with applying pnon-White ver-
sus pWhite.

Comparison of Estimated Within-
Subgroup Treatment Regimen
Differences with the Across-Subgroup
Differences in Clinical Outcomes
Based on the 0.9% difference in popu-
lation level mean HbA1c over the six
SEARCH visits between the non-White
and White youth, the estimated treat-
ment regimen difference represents
�35% of the difference in HbA1c
between subpopulations (i.e., 0.33% of
the 0.95%). For some secondary

outcomes, both the model-based esti-
mates of the risk difference due to
treatment regimen and the estimates
of the risk difference between the two
subpopulations from the observed
data set had wide CIs, reflecting low
sample size and statistical power.
Calculations to place the estimated
treatment regimen differences within
the context of the observed differ-
ences across subgroups in the preva-
lence of complications at the SEARCH
cohort visits suggested that the esti-
mated treatment regimen difference
is �269%, 71%, and 81% of the observed
risk difference between non-White and
White subgroups, respectively, for dia-
betic retinopathy, DKD, and peripheral
neuropathy.

CONCLUSIONS

Using data from a longitudinal cohort
study, we found that mathematically
equalizing the essential components of
T1D treatment was associated with a

Table 1—SEARCH participant characteristics at the baseline visit

Characteristics
All YYA

(N = 978)
Non-White subgroupa

(n = 220)
White subgroupa

(n = 758) P valueb

Demographic characteristics
Race/ethnicity

Non-Hispanic White 758 (77.5) 0 (0.0) 758 (100)
Non-Hispanic Black 93 (9.5) 93 (42.3) 0 (0.0)
Hispanic 101 (10.3) 101 (45.9) 0 (0.0)
Asian Pacific Islander 15 (1.5) 15 (6.8) 0 (0.0)
Native American 5 (0.5) 5 (2.3) 0 (0.0)
Other/multiple race 6 (0.6) 6 (2.7) 0 (0.0)

Female 463 (47.3) 122 (55.5) 341 (45.0) 0.007

Socioeconomic position

Parental education of college graduate or higher 463 (47.3) 55 (25.0) 408 (53.8) <0.001
Private health insurance 781 (79.9) 130 (59.1) 651 (85.9) <0.001

Clinical characteristics and diabetes treatment regimen

Diabetes duration (months) 10.0 (6.5) 10.7 (6.8) 9.8 (6.4) 0.061
Insulin delivery modality <0.001

Pump 91 (9.3) 4 (1.8) 87 (11.5)
MDI with long-acting insulin 402 (41.1) 72 (32.7) 330 (43.5)
MDI with other combination of insulins without long-acting insulin 485 (49.6) 144 (65.5) 341 (45.0)

Frequency of SMG 0.007
$4 times/day 810 (82.8) 169 (76.8) 641 (84.6)
3 times/day 97 (9.9) 25 (11.4) 72 (9.5)
1 to 2 times/day 58 (5.9) 19 (8.6) 39 (5.2)
Less than once/day 13 (13) 7 (3.2) 6 (0.8)

Lifestyle factors

Current or former smoker 142 (14.5) 28 (12.7) 114 (15.0) 0.39
Physically activec 615 (62.9) 132 (60.0) 483 (63.7) 0.315
High screen timec 533 (54.5) 143 (65.0) 390 (51.5) <0.001

Data are mean (SD) or n (%). aThe non-White subgroup includes all YYA who identified as non-Hispanic Black, Hispanic, Asian Pacific Islander,
Native American, and other/multiple. The White subgroup includes all YYA who identified as non-Hispanic White. bBased on use of ANOVA, x2, or
Fisher exact test as appropriate. cPhysically active defined as exercise 3–7 days/week. High screen time defined as $2 hours of screen time/day.
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reduction in population level mean
HbA1c of 0.33%; this reduction was sta-
tistically significant and explained �35%
of the differences in HbA1c between the
non-White and White subgroups at the
population level. These data highlight
the complex nature of health disparity
in T1D, including its extensions beyond
diabetes management regimen and
technology use, and the opportunities
for future interventions to address
racially disparate outcomes in this popu-
lation. The remaining differences in
HbA1c and in the prevalence of early
diabetes complications may reflect
unmeasured race- and ethnicity-related
factors, including, at least in part, larger
forms of institutional, interpersonal, or
internalized racism or marginalization,
such as different barriers or supports

for the use of specific diabetes treat-
ment regimens within the clinic as well
as structural and environmental forces
that may impact on adherence and
health behaviors external to the clinic.
These factors must be accounted for
and addressed in order to improve
health outcomes in non-White and His-
panic YYA in the future (3).

We hypothesized there would be sig-
nificant differences in the distribution of
diabetes regimens in the non-White
subgroup compared with the White
subgroup (5,8,12,39). Propensity score
modeling revealed the most striking dif-
ferences with regards to insulin pump
use, in which each individual was more
likely to use an insulin pump based on
the treatment regimen received by
White compared with non-White YYA.

Except for cardiovascular autonomic
neuropathy, the observed clinical out-
comes we report provide further evi-
dence for disparities in longitudinal
glycemic control and diabetes complica-
tions that disproportionally affect His-
panic and non-White youth (8,25,29,40).
Although HbA1c itself may be affected
by hemoglobinopathies that influence
red blood cell turnover, including those
which have a known higher prevalence
among the non-White subpopulation
(41), this or any other effect associated
with a genetic etiology (42) is likely
small when compared with the impact
of structural and other forms of racism.
Unfortunately, the current study did
not directly measure these aspects
and cannot elucidate their relative
contributions.

Table 2—Observed and estimated clinical outcomes among non-White YYA according to diabetes treatment regimen

Outcomes Non-White subgroupa White subgroupa

Primary outcome: glycemic control
HbA1c (%), mean over all six SEARCH study visits (95% CI)
Estimatedb subgroup outcome 9.2 (8.9, 9.4) 8.2 (8.1, 8.3)
Estimated between-subgroup difference 0.9 (1.2, 0.7)
Estimated outcome with non-White treatment regimenc 9.1 (8.8, 9.3) —

Estimated outcome with White treatment regimenc 8.7 (8.5, 9.0) —

Estimated within-subgroup treatment regimen differenced 0.3 (0.5, 0.2) —

Secondary outcome: early diabetes complications

Diabetic retinopathy, risk (%) of having complication at SEARCH cohort visits (95% CI)
Estimatedb subgroup outcome 19.5 (13.2, 27.7) 17.2 (13.0, 22.5)
Estimated between-subgroup difference 2.2 (11.0, �6.5)
Estimated outcome with non-White treatment regimenc 23.9 (17.5, 30.3) —

Estimated outcome with White treatment regimenc 17.9 (12.0, 23.7) —

Estimated within-subgroup treatment regimen differenced 6.0 (9.9, 2.1) —

DKD, risk (%) of having complication at SEARCH cohort visits (95% CI)
Estimatedb subgroup outcome 27.2 (19.1, 37.0) 14.3 (10.1, 19.8)
Estimated between-subgroup difference 12.9 (23.2, 2.6)
Estimated outcome with non-White treatment regimenc 30.1 (22.8, 37.3) —

Estimated outcome with White treatment regimenc 20.9 (14.0, 27.9) —

Estimated within-subgroup treatment regimen differenced 9.1 (13.2, 5.0) —

Cardiovascular autonomic neuropathy, risk (%) of having complication at SEARCH cohort
visits (95% CI)

Estimatedb subgroup outcome 10.2 (5.6, 17.8) 17.5 (13.0, 23.1)
Estimated between-subgroup difference �7.3 (0.5, �15.1)
Estimated outcome with non-White treatment regimenc 13.4 (7.8, 19.0) —

Estimated outcome with White treatment regimenc 12.7 (5.9, 19.4) —

Estimated within-subgroup treatment regimen differenced 0.7 (4.6, �3.2) —

Peripheral neuropathy, risk (%) of having complication at SEARCH cohort visits (95% CI)
Estimatedb subgroup outcome 21.1 (14.6, 29.4) 13.7 (10.0, 18.5)
Estimated between-subgroup difference 7.3 (16.0, 1.3)
Estimated outcome with non-White treatment regimenc 21.7 (15.8, 27.6) —

Estimated outcome with White treatment regimenc 15.7 (10.7, 20.8) —

Estimated within-subgroup treatment regimen differenced 5.9 (9.5, 2.4) —

aThe non-White subgroup includes all YYA who identified as non-Hispanic Black, Hispanic, Asian Pacific Islander, Native American, and other/
multiple. White YYA includes all individuals who identified as non-Hispanic White. bEstimated after multiple imputation to account for missing
HbA1c measures over the longitudinal study. cMultivariate propensity scores estimated the distinct treatment regimes, including insulin modal-
ity, SMG frequency, and CGM use in White vs. non-White youth. Estimated outcomes are adjusted for the following covariates at each
SEARCH visit: age at diagnosis, sex, SEARCH site, T1D duration, maximum parental education, health insurance type, physical activity, screen
time, and smoking status. dCalculated as the difference between estimated outcomes with non-White vs. White treatment regimens.
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Comparison of the estimated treat-
ment regimen differences with observed
differences is helpful to interpret the
significance of the model-based differ-
ences, particularly for the primary out-
comes HbA1c over time and at the
population level. Unfortunately, these
calculations were limited by low statisti-
cal power for secondary outcomes. This
is reflected in the wider CIs of the esti-
mated treatment regimen differences.
Despite these limitations, our data sug-
gested that mathematically equalizing
the essential components of T1D treat-
ment explained more than half of the
observed differences in the risk for
developing the complications of DKD
and peripheral neuropathy between the
non-White and White subgroups at the
population level. The instance in which
estimated treatment regimen risk differ-
ences are >100% of the observed

differences in diabetic retinopathy is
likely a result of the lack of precision in
the estimation of the secondary out-
comes, and it is likely that the precision
of this estimate would increase with
greater statistical power lent by a larger
data set. Alternatively, it is possible that
the risk difference due to the change in
treatment regimen within the non-
White subgroup could exceed the risk
difference between the two subgroups.
Although the estimated effect of treat-
ment regimens on cardiovascular auto-
nomic neuropathy was not significant, it
is worth noting that a higher prevalence
of cardiovascular autonomic neuropathy
among non-Hispanic White youth, com-
pared with Hispanic and non-White
youth, has been previously reported in
the SEARCH study (25).

Race and ethnicity are markers for
larger, lived experiences, all of which

include intricately woven forces that
may impact on diabetes management
and outcomes. There are both modifi-
able and nonmodifiable factors at the
individual, community, and societal level
that may interact to shape a YYA’s expe-
rience with managing diabetes as well
as their outcomes. Further, specific chal-
lenges are heterogeneous across the
population and likely vary for any given
individual over time. A key limitation of
the study is the lack of data to delve
deeper into these factors and their
dynamic roles underlying the observed
racially disparate outcomes.

Although not designed to disentangle
each of the multilevel factors that con-
tribute to racial disparities, the study
serves to delineate and frame several
opportunities for future work. Our find-
ing that disparities in treatment regimens
contribute directly to disparate clinical

Figure 1—Selected propensity score model visualizations for diabetes treatment regimen, including insulin delivery modality and glucose monitor-
ing. Results are shown for YYA in the non-White subgroup (i.e., non-White and Hispanic YYA) in the SEARCH study and presented as the probability
of using an insulin pump or SMG four or more times per day, adjusting for age, sex, SEARCH site, and diabetes duration. Two treatment regimen
distributions are shown: the red distribution represents the model fit in the non-White population (pnon-White), while the blue distribution repre-
sents the model fit in the White subgroup (pWhite). A higher propensity score indicates a higher probability of using the given treatment.
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outcomes offers evidence for the impor-
tance of clinical care recommendations.
From an interventional perspective, pro-
vider- or clinic-focused approaches repre-
sent an attractive target for interventions
to promote health equity, particularly if it
can be shown that inequity in prescrip-
tion, education, support, and sustained
patient use of diabetes regimens and
management is a key, causal force of
observed differences in glucose control
as expressed by HbA1c levels between
racial and ethnic subgroups.
However, there are significant chal-

lenges that both patients and providers
face as they relate to selecting and
maintaining diabetes self-management
regimens, such as health insurance cov-
erage, navigation of the health care sys-
tem, provision of adequate education
and support for use of technology,
access to care, preferences, and feasibil-
ity for adherence in the context of

other lived experiences for a specific
patient and family. A way forward to
implement equitable access to technol-
ogy will likely involve engagement from
multiple stakeholders, particularly as
new T1D treatment modalities continue
to emerge (15). Critically, new technol-
ogy offers the potential to revolutionize
care and improve outcomes (43–45)
but also carries the risk to further exac-
erbate existing disparities in technology
use (i.e., the “digital divide” [12]),
necessitating an integrated approach to
consider social and biological influences
both in the development and delivery
of best care practices (46).

At the same time, the determinants
of diabetes outcomes are recognized as
much more complex than access to dia-
betes treatment and technology use
alone (3,12). Despite multiple studies
showing the interconnectedness of
race/ethnicity, SEP, diabetes technology

use, and HbA1c (5,8,12,39), our finding
that mathematically equalizing diabetes
regimens explains less than half of the
disparity in glycemic control is a sober-
ing reminder that access to and utiliza-
tion of such technology is only one of
many forms of health inequity that may
affect YYA with T1D. The substantial
residual difference in outcomes under-
scores the individual, social, or environ-
mental context that may affect the
efficacy of a given intervention and
points to additional, significant factors
that appear to prevent non-White or
Hispanic YYA from experiencing equita-
ble clinical benefits even with the same
treatment or technology. Multiple levels
of racism could contribute to the out-
come disparities for an individual,
including structural forces such as
access to health insurance, livable
wages, safe neighborhoods for physical
activity, access to healthful diets,

Figure 2—Selected individual propensity score ratios for diabetes treatment regimen, including insulin delivery modality and glucose monitoring.
Results are shown for non-White YYA in the SEARCH study. The ratio of pWhite/pnon-White is calculated for each individual, adjusting for age, sex,
SEARCH site, and diabetes duration. A ratio>1 or log ratio >0 indicates that each individual would be more likely to use both of those aspects of
diabetes management under pWhite than under pnon-White.
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positive health behaviors, and psycho-
social well-being. Non-White YYA may
also be more likely to experience a
higher number of daily stressors or
experience more frequent and sus-
tained stress responses, resulting in
physiologic changes such as increased
inflammatory markers and neuroendo-
crine or metabolic disruptions that
can further complicate diabetes man-
agement (2). The remaining gap may
also be driven, as least in part, by
forms of interpersonal racism, ranging
from implicit to explicit biases or dis-
crimination, as well as internalized
racism, which may manifest through
diabetes self-management preferences
or behaviors (21).

As such, these data underscore the
importance of future work to increase
our understanding of the other specific
factors that may be contributing to dis-
parate outcomes, including those oper-
ating outsides of the clinic walls. In the
future, this understanding may reveal
specific strategies to tailor support and
resources to bolster a given interven-
tion, at the individual level and sub-
group level, to increase the likelihood of
treatment satisfaction, the feasibility of
adherence, and, ultimately, clinical effi-
cacy. To this end, both quantitative and
qualitative methods will be needed to
capture a full picture of the care and
support systems for YYA with T1D,
including differences in preferences,
constraints, and choices as they relate
to diabetes self-management and tech-
nology use. Importantly, this work may
reveal opportunities for health policy
beyond efforts to facilitate equitable
access to diabetes treatment regimens,
including interventions to decrease the
broader barriers to effective self-man-
agement behaviors over time that dis-
proportionately affect non-White or
Hispanic youth.

There are several limitations to the
study. These data represent only diabe-
tes regimens that YYA received and
reported using, rather than treatment
options that were discussed or offered.
Understanding the former in context of
the latter may illuminate ways for inter-
ventions to equalize key forces that
shape the larger opportunities for YYA
to choose and maintain a specific man-
agement strategy even when it is
offered in an equitable fashion. We also
did not have data on adherence to

diabetes regimen or changes that may
have occurred between research visits.
Data that would facilitate geocoding for
participants were not available for this
analysis, so we did not have the oppor-
tunity to study the contribution of
structural and environmental factors to
racial and ethnic disparities in different
settings or locations across the United
States. From a statistical perspective,
the small sample size of non-White YYA
warranted combining YYA of different
racial and ethnic backgrounds into a sin-
gle group, which limited exploration of
how different forms of socialized/struc-
tural racism affect different populations.
An indicator variable for non-Hispanic
Black was included in the outcome
models to partially account for such var-
iability; however, future work is needed
to characterize the distinct nature and
effects of health inequity across heter-
ogenous individuals and communities.
Further, the sample size prohibited
further analyses to directly capture
aspects of intersectionality; for example,
how results may change when overlay-
ing racial/ethnic inequity with other
markers for marginalization, including
sex, immigration status, or income,
among others. Any causal assumptions,
while reasonable, cannot be directly
tested with the available data; in partic-
ular, the assumption of no unmeasured
confounding is difficult to verify defi-
nitely in an observational study setting.
Nevertheless, the approach taken is a sig-
nificant advance over those approaches
that do not consider causal validity and is
more likely to give realistic results com-
pared with other noncausal methods
(35).

The study has several strengths. The
application of reinforcement learning
techniques to directly estimate out-
comes in different hypothetical treat-
ment scenarios allowed quantification
of how disparities in diabetes manage-
ment may contribute to the larger pat-
terns of health inequity. This modeling
technique allowed for sequential out-
comes over multiple time points and
accounted for potential delayed effect
of treatments on outcomes, as well as
adjusting the treatment regimen at
each time point in a causally valid
manner, given assumptions are met.
Although the family of reinforcement
learning methods has been largely
applied to more fundamental precision

medicine questions (20,35), this applica-
tion of the method represents one of
the most fundamental forms of preci-
sion health that exists, focused on how
to equitably allocate use of resources to
those who need them and can benefit
most from them.

The goal of this work was to offer
new insights from which to begin to dis-
entangle the specific mechanisms of
race- and ethnicity-based differences
and racism in health outcomes. Mixed
method approaches, integration of clini-
cal and community drivers, and inten-
tional efforts to engage stakeholders,
including researchers, clinicians, individu-
als with diabetes, and their family mem-
bers of diverse backgrounds, and
particularly those who mirror the popu-
lation under study, may reveal new ways
to more effectively discover and capture
race-based health inequity, as well as
actionable pathways to address it.
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